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Our Clients
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• Sentiment analysis

• Benchmarking

• Insights from customer data

• Quantitative metrics

Waiting for the tech to deliver its promise



• “My transcripts are a

mess”

• “I don’t know what’s in

there”

• “I haven’t got time to

label it”



• If only all the transcripts were

neatly categorised

• I could benchmark by subject-

matter

• I could compare one brand to

another



Example client data



Solution 1: Generic, off-the-shelf

• Terms can convey positive sentiment in car reviews, but can be

negative or neutral in other contexts:

• “expensive”: “The car has an expensive look.”

• “cheap”: “The car is cheap to run.”

• “rough”: “The car is suitable for rough terrain.”

• “high torque”, “low emissions”, “low mpg”, …



Solution 2: Supervised ML

• Supervised machine learning can be great if there is hand-labeled

data for that particular domain

• But what if there isn’t?

• And hand-labelled data is hard to come by?



Solution 3: Unsupervised ML

Example topic models from a corpus of Customer Financial Protection Bureau complaints (Bastani et al 2018)

Late payments (?)
Communication (?)
Vehicles (?)
Communication (?)

Communication (?)

Healthcare (?)

https://arxiv.org/ftp/arxiv/papers/1807/1807.07468.pdf


Possible solutions: Unsupervised ML

• Unsupervised discovery of topics only works if very large

amounts of data are available

• Automatically induced categories seldom correspond to business

requirements



Good Schools Guide
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• Can we scrape and categorise listings for schools?
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Our Approach
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• Step 1: Automatic keyword extraction to find prominent multi-word 
terms
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Our Approach
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Step 2: Semi-supervised construction of domain lexicons from unlabelled

text:

• The client suggests categories and gives examples (“seeds”)

• We expand those seed samples based on the data

• The client reviews and post-edits the domain lexicon

GetSentiment



Lexicon Editor
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Our Approach
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Step 3: Text analysis

• We look for relations between terms and sentiment phrases

• Our domain lexicons allow us to recognize categories and

sentiment in the text

• We score sentiment by sentence and aggregate for the document

as a whole

GetSentiment



Aspect-Based Sentiment Analysis

• An research field in NLP that emerged around 2010

• Aims to:

• Recognize issues talked about (“terms”),

• Classify them into categories (“aspects”),

• and recognize the author’s sentiment with respect to the

terms and categories of terms (“sentiment”)



Aspect Term Polarity
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Task: Given a sentence, identify terms related to a relevant aspect and 
identify sentiment associated with the terms:

GetSentiment

• Relevant terms (fajitas and salads) represent the Food aspect
• Different sentiment can be present in the same sentence



Aspect-Based Sentiment Analysis
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A restaurant review

Multiple aspects identified Each aspect is scored for sentiment

Aggregated sentiment scores
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Evaluation

• Participated at SemEval-2014, Task 4 (Aspect-Based Sentiment

Analysis)

• SemEval competitions: academic teams develop solutions to NLP

tasks, which are evaluated on the same reference dataset

• Around 30 teams competed at the ABSA task at SemEval

• Two evaluation datasets: Restaurant and Laptop reviews

• Pontiki M. (2014). Proceedings of the 8th International Workshop

on Semantic Evaluation (SemEval 2014), pp. 27–35.



Results
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Came 4th out of ~30 teams on 
the Laptops, 7th on the 
Restaurants dataset

Baseline: 51% (laptops) and 64% 
(Restaurants)

Achieved accuracy of 66% 
(Laptops, best team 70%), 74% 
(Restaurants, best team: 80%)

…
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Phone: +44 (0) 7866 369181

Email: mark@getsentiment.io

www.getsentiment.io

@getsentiment_io

mailto:abhishek@getsentiment.io
http://www.getsentiment.io/


THANKS FOR WATCHING
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