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Q1. Take a photo of the contents of your bathroom cabinet.

Female



Q1. Take a photo of the contents of your bathroom cabinet.
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Existing transcript sites
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The age of API’s
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alternative in result.Alternative

le WritelLine(alternative.Tra




var speech = SpeechClient.Create();
var response = speech.Recognize(new RecognitionConfig()

Encoding = RecognitionConfig.Types.AudioEncoding.Linear16,
SampleRateHertz = 16688,
LanguageCode = "en”,
}. RecognitionAudio.FromFile("audio.raw”));
foreach (var result in response.Results)
{
foreach (var alternative 1in result.Alternatives)

{

Console.WritelLine(alternative.Transcript);




helpline for making the claim
Berry pool pool need to know
good good oh very good need
Polo coat and the time sounded
like sound device but then
when I went through 1t with my
claim and spoke to the advisor
quite a few different
lnitially had so much about
the quality of advice..
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“We choose to go to the Moon. We \
choose to go to the Moon in this

deeayeddecade and do the other things,

not because they are easy, but because

they are hard; because that geldgoal /
will swerveserve to organize and

measure the best of our energies and skills,
because that challenge is one that we are willing to
accept, one we are unwilling to postpone, and one
we intend to whenwin, and the others, too.”



Man and machine,
1+1=00

(and beyond!)
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The computer is incredibly fast, accurate,
and stupid. Man is unbelievably slow,
inaccurate, and brilliant. The marriage of

the two is a force beyond calculation.

Leo Cherne
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Bias and ethics







0K : Exit

Nikon










51%
49%

1%

15%
43%
308%
18%

53%
15%
15%
13%
3%

37%
46%
17%

Male 103
Female 96
_Im@x

3-11 4
12-17 132
18-34 151
35-49 112
50+ 44
Cauc. 67
Afr. Am. 183
Asian 356
Hisp. 192
Other 207
No College 82
College 113
Grad. Sch. 114
Index

quontcast

7 buyiphone.apple.com | Education © 2009 Quarécast Com.

No Kids 0-17 94
Has Kids 0-17 108
No Kids 0-2 183
Has Kids 0-2 66
No Kids 3-11 g5
Has Kids 3-11 111
No Kids 12-17 87
Has Kids 12-17 149
$0-30k 73
$30-60k 71
$60-100K 124
$100k+ 118

Index

uontcast

?  buyiphone.apple.com|income oqmwm




"Different Types of Travel Medical Insurance Plans" by murphey daniels is licensed under CC BY-NC-ND 4.0
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Ethics of machine learning systems

Fairness
Reliability
Privacy & security
Inclusiveness
Transparency
Accountability
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Translate Turn off instant translation

Bengali English Hungarian Detectlanguage -~ #» English Spanish Hungarian ~

0 egy apolo. X  she's anurse.
6 egy tudés. he is a scientist.
6 egy mémok. he is an engineer.
6 egy pék. she's a baker.
6 egy tanar. he is a teacher.
6 egy eskuvli szervez6b. She is a wedding organizer.
6 egy vezérigazgatoja. he's a CEO.
w Do <
) B9 - 110/5000

Marcelo O. R. Prates, Pedro H. C. Avelar, Luis Lamb. (2018). Assessing Gender Bias in Machine
Translation -- A Case Study with Google Translate.
https://arxiv.org/pdf/1809.02208.pdf




Bias in transcriptions




Norfolk Newcastle

‘Oid rarely loike a bear’ — ‘I'd like a beeNee - no
‘Oh dare, oi hit a dare’ — ‘Oh bother, mPeegr-appears to have had a

collision with a deer’ Gan - go
‘Moy hart aloive! Slow yew down an’ Rladryouwharhd’ — ‘Well |
never! Please take things easy’ Doon - down

‘Moined ‘ow yer go’ — ‘Take care of youl@eh’- city centre
‘Bor, thassa lud a ole squit’ — ‘My man Rxopa yeigpalydardtlpad of
rubbish’ Owa - over

‘Co ter heck, thass a rum ‘un’ — ‘My godeedsshigbiv odd!’
Us - me
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Transfer learning
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Federated learning
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General Data Protection Regulations

* Consent

* Traceability and Auditing
 Access rights

* Storage

* Retention

* Right to be forgotten
 Procedures and training

- .
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Tagging
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STEM Diversity at IBM

Video Length: 00:02:13

Transcription

The forefathers of IBM had the wisdom to employ our first black employee and
three women in 1899, which was 10 years before the NAACP was founded 36 years
after the Emancipation Proclamation Act and 20 years before women had the right
to vote in the United States of America in 1953 Thomas Watson jr. Wrote a letter to
the IBM management. He talked about the policy of our organization to hire the
best talent regardless of race color or Creed. That is what we believe to be the first
equal opportunity letter of the United States. | got into not just because
it's cool and I'm a little bit of a geek but you know, | think it's the fact that I'm a
woman it drives me to want to improve the world around me going to be yourself

and IBM welcomes that because you have people from different countries or

) L |y o o ey | L T i P E P I W [7']

Video tags B

Create new video tag

Timestamp tags (0]

Black B Equal opportunity B

Policy b Race B Women B

Create new timestamp tag




Text analytics




The same technology that simplifies life
by providing more functions in each
device also complicates life by making

the device harder to learn and harder
to use.
Don Norman’s “Paradox of Technology”
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"Scale Model Of the Hampton Court Astronomical Clock At The Science Museum - London." by Jim Linwood is licensed under CC BY 2.0



Summary
* Al can’t replace humans for quality, but can massively reduce quantity.
* Plenty of cheap ready made Al components available just need plumbing together.

* Constant improvement to the state of the art mean agile businesses can
outperform monoliths.

* If you don’t want to be replaced by a spreadsheet, keep on micro learning every

day.
(JDATA * Wisdom of the crowd works with Al too, use several models and take the most
@LIBERATION confident results.

Daniel Bailey

* Print out the Laws of Al, an ethical data scientist is a happy data scientist.




Overfitting
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Hardware,
what do you need
to know?
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D thenandnow.pna x . Maerarchical des:

Transcript

hi welcome to fundamentals Fnday today
we're going to take a look at the FPGA
or field programmable gate amray that's
what it stands for what Is an FPGA well
an FPGA is a programmable device a
programmable chip which is pretty much
the closest thing you can get to
actually designing your own chip
completely from scratch just like an

|

Full screen ASIC you may have heard of or something

English (auto-generated)
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EEVblog #496 - What Is An FPGA?

Shop “Ipga’
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One FPGA Cell
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"Microsoft Bing Maps' datacenter” by Robert Scoble is licensed under CC BY 2.0
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"Network Switch RJ45 Cable" by G. T. Wang is licensed under CC BY 2.0
"BILL GATES & STEVE JOBS" by Christopher Michel is licensed under CC BY 2.0






