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Measuring emotion is (really) hard
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Speed & Scale

Reliability
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Does it work?
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3 (scientific) challenges

The signals collected . .
& Our metrics provide

by the sensor are Our platform is are .
S meaningful and
equal or better than able to discriminate . .
impactful analysis at
those collected by a relevant events

lab polygraph business level
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Challenge #1
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Challenge #1

Designed and develloped by our
team of researchers with PhD’s in
Biomedical Engineering and
Psychophysiology.

Dawson et al. 2007
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Challenge #1

Validating James One
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Challenge #2

Electrodermal Activity
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Challenge #2

Which Events?
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Challenge #2

Meta-analysis: ANS correlates of emotion in animated stimuli

Questionnaires

R Rate MEGPPG
i i i i E‘SD PTT
2520 studies screened for biometrics & emotion EGG ER FVC

550 fully analyzed
Temperature FP EEG
IBI BOLD

EOG SKT ASR
e BEMG
Exclusively film and movie stimuli Heepiretien il fMR|
A CGSR

FCG

r P
(dq
®

ve» Www.mindproberlabs.com



Challenge #2

Meta-analysis: ANS correlates of emotion in animated stimuli
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Challenge #2

What is electrodermal activity?

STRATUM AT
CORNEUM™ /S—%\/CE)RE

STRATUM S
LUCIDUM™,

GRANULAR
LAYER 4

SPINOUS 4
LAYER /

EPIDERMIS

TRATUM
LPIGHII

< | STRATUM /

GERMINATIVUM

DERMIS

w

M

ECCRINE SWEAT
DUCT™-

SECRETORY PORTION OF e
ECCRINE SWEAT GLAND

SURDERMIS

Dawson et al. 2007

P P
{da\
L

s> Wwww.mindproberlabs.com

-4



Challenge #2

physiological data to discriminate validated stimuli
Arousal sets
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Challenge #3

TIMELINE ANALYSIS
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Challenge #3

Use case 1: Estimating the impact of ads

Memory Impact Randomized Complementary Specific
~ Reel for Random "Target" "Target” 2nd Questionnaires for
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Challenge #3

Use case 1: Estimating the impact of ads

Memory Impact Arousal
Ad1 Ad1
Ad2 Ad2
Ad3 Ad3
Ad4 Ad4
Ad5 Ad5
Golfepk® Corona I

Ad 1 and Corona have opposite levels of memory impact and emotional arousal - Let’s
focus on these ads!
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What does low impact look like?
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What does high impact look like?
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OVERALL SUMMARY
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Challenge #3

Use case 2: Estimating and forecasting the impact of entretainment programs
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1 - Identify crucial moments
2 - Characterize the emotional tonus of the whole content, with second-
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Nice... but can we do more?
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Challenge #3

Audience ratings are king

“Can you tell me anything about the potential impact on
audience ratings?”
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Challenge #3

Can we go from this...
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Challenge #3

To this?
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Challenge #3

Step 1: Calculating Viewer Loss per Minute
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Challenge #3

Step 2: Data Modelling

Long-Short Term Memory networks = a subset of Recurrent Neural Networks (RNN),
which use a special type of layer

Exceptionally good at modelling relationships across time between one or more
variables — taking into account temporal dependences

For each time-step, we want to predict the ratings’ losses based on the last n
observations of our predictors
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Challenge #3

Results

“Vidas Opostas” Ep. 18
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In Conclusion

It is possible to scale biometric media testing with validity
Biometric ad testing brings another layer of data & deeper insights
Improving ad optimization + placement at scale

Taking media pre-testing to another level
N
AN AR
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Thank you!

PEDRO ALMEIDA
CEO

pedro.almeida@mindproberlabs.com
+351 916 448 947
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